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Abstract

Land use restrictions are the preferred policy tool to halt the dramatic decline in global
biodiversity, but their economic costs are unknown. We compile a novel, nationwide, an-
nual panel data set that tracks exposure to biodiversity protections, vacant land values,
transactions, and land development on the individual parcel level. We estimate an average
discount of 45% in the value of protected land in the U.S. This discount is driven by restric-
tions to development. It is larger in locations where developable land is more scarce and
where political regimes are more committed to conservation. These economic costs should
be weighed against the benefits of biodiversity to determine optimal conservation policy.
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1 Introduction

Researchers and policymakers are increasingly attentive to the negative economic consequences of
the rapid deterioration in global biodiversity, which has led to a 69% decline in the abundance of
monitored wildlife since 1970 (Cardinale et al., 2012; UN, 2022; WWF, 2022). A key driver behind
this loss of biodiversity is changing land use patterns (Sala et al., 2000; Jaureguiberry et al., 2022).
Thus, local land use restrictions have become the policy tool of choice to conserve biodiversity.! To-
day, such restrictions affect 8% of U.S. land. The vast majority of countries including the U.S. have
pledged to protect 30% of global land and water by 2030.2 Optimal policy design requires weighing
the benefits of biodiversity conservation (see, e.g., Frank and Sudarshan, 2024) against the costs of
regulatory interventions.® Yet, the literature lacks estimates of the costs associated with local land
use restrictions for the protection of biodiversity. We provide the first large-scale, quasi-experimental
estimate of the discount in the market value of vacant land that is subject to such restrictions.
Estimating the biodiversity protection discount is difficult for two main reasons. For one, we
need to distinguish between the direct effects of land use restrictions on regulated land and any
potentially offsetting external effects of these restrictions on unregulated land nearby (Turner et al.,
2014). Additionally, we need to account for the possibly endogenous nature of land use restrictions
whereby ez-ante less valuable land could be more likely to be regulated (McMillen and McDonald,
2002). We address these challenges by combining regression discontinuity (RD) analyses around
protected area borders in the U.S. with difference-in-differences (DiD) estimations around newly
formed biodiversity protected areas. As a baseline, we implement static RD analyses around pro-
tected area borders whose creation predates the start of our sample period. Then, we estimate
dynamic RD-DiD analyses around new protected area borders that were established during our
sample period. These analyses allow us to estimate the discontinuous shift in land values that
occurs at the protected area border, to rule out any pre-existing differences in land values or other
outcomes inside versus outside of protected area borders, and to trace the evolution of land val-
ues around these borders over time. We use the same empirical strategy to assess the effects of
protected area policies on observed land development rates and to evaluate reduced development

opportunities as a potential driver of the biodiversity protection discount.

!Buchanan and Tullock (1975) discuss the limitations of direct control measures such as land use
restrictions. Keohane et al. (1998) rationalize such measures in the context of the U.S. political economy.

2See Kunming-Montreal Global Biodiversity Framework, signed by over 190 countries in December 2022.

3See, e.g., Weitzman (1992, 1993, 1998); Brock and Xepapadeas (2003); Harstad and Mideksa (2017);
Harstad (2023); Heal and Pascual (2024) for a discussion of the economics of conservation.


https://www.cbd.int/gbf

To conduct our empirical analyses, we merge parcel-level data on vacant land values, transac-
tions, and development outcomes between 2010 and 2020 from Corelogic with data on biodiversity
protections from the USGS Protected Areas Database (PAD-US). The Corelogic database is com-
piled from county-level tax records and covers virtually all properties in the U.S. The PAD-US
represents the official inventory of protected areas in the country. By combining these two data
sources, we compile a unique, nationwide, annual panel data set that tracks exposure to biodiversity
protections, vacant land values, transactions, and land development on the individual parcel level.

The main outcome of interest for our analyses is the value of vacant land from Corelogic. This
value is derived from observed transactions, tax assessments, or appraisals based on recent sales of
comparable properties. It represents Corelogic’s best approximation of current market values. The
key predictor in our tests is an indicator for properties located inside biodiversity-protected areas
according to the PAD-US. We define protected areas as those with the highest conservation status,
where permanent land use restrictions to prevent the conversion of natural land cover are in place.

Our baseline RD analyses within a 500 meter bandwidth around protected area borders indicate
a 45% discount in the value of vacant land subject to biodiversity protections relative to the value
of neighboring unprotected land. This estimate is robust to a variety of sub-sample tests, different
bandwidths, and alternative specifications. The value effects we estimate are similar in magnitude to
those of a 1.5 standard deviation increase in the land use restriction index examined in Turner et al.
(2014). Our baseline RD design also allows us to estimate the external effects of protected area regu-
lations on the values of unprotected land nearby. Ez ante, these external effects could be positive or
negative. We find no evidence that proximity to protected area borders significantly affects the val-
ues of unprotected land nearby on average. This finding is consistent with the biodiversity protection
discount being driven by the direct effects of these protections on the values of regulated properties.

Our dynamic RD analyses indicate near-zero effects of future biodiversity protections on the
values of to-be-treated properties more than five years before protected area formation. We further
estimate that a discount for to-be-treated properties first emerges several years prior to protected
area formation. This estimate is consistent with anticipation effects reflecting the significant time
typically required to establish protected areas in the U.S. The estimated effects approach the long-
run 45% discount from our baseline analyses within five years of protected area formation, consistent
with valuations in property markets responding to new information with some lag. A decomposition
of the estimated biodiversity protection discount indicates that it is driven by a decline in the values

of newly protected properties as opposed to an increase in those of unprotected control properties.



We can use our estimates of the biodiversity protection discount to quantify the economic costs
of the underlying conservation policies. Notably, the average value per acre of control properties in
our sample within 500 meters of protected area borders is $32,000. Applying this valuation to all
protected land in this bandwidth yields a counterfactual aggregate value of $36 billion. Reducing
this aggregate value by our 45% estimated biodiversity protection discount yields $16 billion. This
result suggests that shifting protected area borders inward by 500 meters would result in a windfall
gain of $16 billion. Under the assumption that this valuation can be applied to all the vacant land
inside the protected areas in our sample, we estimate the economic costs of the protected areas in
our sample to be $240 billion in lost land value. These cost estimates represent an important input
into models estimating the value of biodiversity (Weitzman, 1993; Brock and Xepapadeas, 2003).
However, a full welfare analysis may also need to include any supply effects of land use restrictions,
as discussed in Turner et al. (2014).

The biodiversity protection discount we document aligns with the intuition that restricting land
use reduces land values. However, it is somewhat surprising given prior evidence that biodiversity
protections rarely have significant real effects (see, e.g., Grupp et al., 2023; Reynaert et al., 2024).
Against this background, we examine the extent to which reductions in land development are a likely
driver of the biodiversity protection discount. We measure land development using indicators for
properties that switch classification from vacant land to, e.g., residential or non-residential property.
We also examine other markers of development activity, such lot designations and access to sewers.
Our baseline RD analyses indicate that biodiversity protections reduce the probability of develop-
ment by 30%. We find qualitatively similar evidence across all development outcomes we study.
Importantly, dynamic RD analyses again indicate no significant differences in the probability of to-
be-treated land being developed more than five years prior to the formation of new protected areas.

We proceed by linking the evidence of reduced land development activity in protected areas
to the estimated biodiversity protection discount. To establish this link, we condition our baseline
RD analyses on measures of the extent of land development observed in protected areas. While
development is rare in the typical protected area in our sample, the 90" (95th) percentile protected
area sees 14% (53%) of vacant land developed over a given five-year period. Our analyses reveal a
positive effect on protected land values of higher development rates in protected areas, offsetting the
negative effect of biodiversity protections. These estimates indicate that the biodiversity protection
discount is strongest in protected areas where development is most restricted. Our results suggest

that reduced development opportunities are a key driver of the biodiversity protection discount.



We complete several heterogeneity tests that corroborate the evidence for restricted development
opportunities as a key driver of the biodiversity protection discount. Specifically, we partition our
sample based on several proxies for the scarcity of developable land in a location. The rationale un-
derlying these tests is that the value effects of development restrictions should be larger in locations
where developable land is more scarce. Consistent with this prior, we find that the biodiversity
protection discount is largest in locations where land represents an above-median share of property
values (see Davis et al., 2021) and where an above-median share of land is unavailable for develop-
ment due to the local topography (see Lutz and Sand, 2023). Taken together, these results support
our inference that reduced development opportunities drive the biodiversity protection discount.

Lastly, we explore the role of local political regimes in modulating the biodiversity protection
discount. Prior work shows that Republicans are less concerned about environmental risks and less
supportive of environmental policies (Dunlap and McCright, 2008; Konisky et al., 2008; Bernstein
et al., 2022; Bisetti et al., 2022). Consistent with these findings, we estimate that the biodiversity
protection discount is attenuated by 50% in counties with above-median Republican vote shares. Ad-
ditional heterogeneity tests indicate that this attenuation is insensitive to conditioning on observed
development rates in protected areas as a proxy for the enforcement of current regulations. These
results suggest that the attenuation of the biodiversity protection discount in Republican-dominated
counties is more likely driven by the belief that these protections are not permanent. Thus, restric-
tions to development opportunities and beliefs about political commitment to conservation efforts
appear to be two important, but largely independent, drivers of the biodiversity protection discount.

Theoretical models of conservation require estimates of the costs of regulatory interventions to
inform optimal policy design. Notably, Weitzman (1993) states: “If we knew the relative costs of spe-
cific projects [...] we would be well on our way to having an operational framework for selecting the
most effective diversity-improving investment strategy from a global perspective.” Weitzman (1998)
develops a model of cost-effective biodiversity protection policies that takes the costs of such policies
as an input. Our estimates of the biodiversity protection constitute a key component of these costs
and thus facilitate optimal policy design. More recent theories of conservation seek to incorporate
differing preferences over the scope of protection measures across political regimes (Harstad and
Mideksa, 2017). Specifically, Harstad (2023) discusses how effective conservation requires repeated
political commitment against threats of resource exploitation by lobbyists. We show that political
regimes affect land owners’ beliefs regarding local commitment to biodiversity protections. This

finding underscores the importance of accounting for political regimes in models of conservation.



Our work also relates to the nascent literature on biodiversity finance (Karolyi and Tobin-de la
Puente, 2023). Evidence is beginning to emerge on the pricing of biodiversity risk in equity and
debt markets (see, e.g., Xin et al., 2023; Coqueret et al., 2024; Xiong, 2024).* Notably, Giglio et al.
(2023) show that firms’ exposure to physical and regulatory risks associated with biodiversity loss
affects equity prices, while Chen et al. (2024) highlight the adverse effects of conservation policies
on public financing costs. Garel et al. (2024) document that firms with a greater negative impact on
biodiversity experience devaluations after environmental agreements proposing tighter biodiversity
regulations. These results are consistent with the finding that regulatory uncertainty represents
the most immediate climate-related risk investors perceive (Stroebel and Wurgler, 2021; Krueger
et al., 2020). We extend this literature to the market for vacant land, which is arguably the asset
class most directly impacted by common conservation policies. Although our work is more akin
to traditional asset pricing studies in that we stop short of a welfare analysis, our estimates of the
biodiversity protection discount are critical inputs into such analyses, including for instance Giglio
et al. (2024) who model the costs and benefits to biodiversity conservation policy.

Viewed differently, our findings add to prior work on the effects of more general land use regula-
tions on land values. For instance, Turner et al. (2014) document significant negative value effects of
a land use restriction index that includes minimum lot sizes, permit waiting list times, and growth
restrictions. More recently, Auffhammer et al. (2020) show how two specific endangered species
protections affect land values. Our study extends this evidence to the topical and policy-relevant
question of how the marginal current U.S. biodiversity restriction policy affects land values.

Our evidence that the biodiversity protection discount is driven in large part by reduced de-
velopment opportunities is also novel and policy-relevant. This result, suggesting that the typical
U.S. biodiversity protection is costly, may be viewed positively as biodiversity regulations have
greater impact on environmental outcomes if they they target land that might otherwise be used
for economic development (see, e.g., Grupp et al., 2023; Reynaert et al., 2024). No matter the
interpretation, however, our estimates contribute to the body of work estimating the costs of global
conservation (see, e.g., Deutz et al., 2020). Thus, our results inform the debate about trading off
the economic value of land development with the ecological cost of reducing biodiversity (Giglio
et al., 2024). Insight into this trade-off is especially important for attracting private capital towards

financing biodiversity conservation and restoration efforts (Flammer et al., 2023).

4Existing evidence also documents impacts on other markets, such as those for labor (Ferris and Frank,
2021) and resource extraction rights (Boskovié and Ngstbakken, 2017).



2 Biodiversity-Protected Areas in the U.S.

In this section, we describe the formation of biodiversity-protected areas in the U.S. Panel A of
Figure 1 presents the current distribution of protected areas based on the USGS Protected Areas
Database (PAD-US). The data show that protected areas cover 8% of the country’s total area, in

line with global average levels of protection (Jenkins et al., 2015).
[Insert Figure 1 about here.]

An intuitive driver of protected area formation is the presence of imperiled species. Panel B of
Figure 1 depicts the distribution of imperiled biodiversity based on high-resolution habitat suitabil-
ity analyses for over 2,200 endangered species by Hamilton et al. (2022). These analyses indicate
that over 50% of the imperiled species studied are likely to occur inside biodiversity-protected areas,
suggesting that at least some protected areas help conserve critical habitats. However, Hamilton
et al. (2022) also show that areas of unprotected biodiversity importance cover 6% of the contiguous
U.S., implying that existing biodiversity protections are insufficient. Moreover, Jenkins et al. (2015)
find that many existing protected areas in the U.S. are not well suited for biodiversity conservation,
indicating a mismatch between established protections and areas of high biodiversity importance.

This mismatch suggests that factors other than the presence of imperiled biodiversity may
influence the formation of protected areas. One such factor is the ownership structure of the land,
which affects the process by which protected areas can be created.” On publicly owned land, the
formation of protected areas typically involves legislative action on the federal, state, or local level of
government. Examples include Congress or State governments passing laws to establish National or
State Parks, and local municipalities enacting zoning laws to create areas dedicated to biodiversity
protection within their jurisdictions. However, 65% of unprotected biodiversity-relevant areas lie
on private land (Clancy et al., 2020; Hamilton et al., 2022). A key tool for establishing biodiversity
protections on private land is the conservation easement, often granted in return for tax benefits.
Such financial incentives are unlikely to affect our estimation of the biodiversity protection discount
so long as the land values we observe are accurate. However, we do not observe the flow of any
financial inducements to land owners. While an interesting question for future research, who pays for

any biodiversity discount is not of first-order importance to estimating the presence of this discount.

®See taxonomy of biodiversity-protected areas in the U.S. as outlined by the USGS, accessed 09/25/2024.

SConservation easements are voluntary, legally binding agreements between land owners and government
agencies or private conservation organizations whereby the land owner commits to limiting land development
or certain types of land use.


https://www.protectedlands.net/pad-us-data-structure-attributes/

In sum, the presence of imperiled species represents an intuitive driver of protected area for-
mation. However, the creation of protected areas typically involves some degree of government
intervention. Thus, political regimes may also influence the extent of protected areas. Further,
the need to negotiate conservation easements with private land owners suggests that public land
ownership may further contribute to the extent of protected areas. To characterize the extent of cur-
rent biodiversity protections in the U.S., we estimate a set of state-level regressions. Specifically, we
regress the total protected area share in a state on measures of imperiled biodiversity, accounting for
historical democratic vote shares and the share of publicly managed land. Table 1 presents the re-
sults. The estimates reported indicate that the extent of protected areas is positively correlated with
the presence of imperiled species, but state-level political leanings are insignificant. While our esti-
mates do not rule out political influences on conservation efforts, especially on the local level where
referendums and ballot initiatives are common, they suggest that existing protections are at least as-
sociated with the presence of imperiled biodiversity. Consistent with our prior, we also find that the

share of public land in a state is positively correlated with the extent of protected areas in that state.
[Insert Table 1 about here.]

The timeline for establishing biodiversity-protected areas in the U.S. varies but often takes many
years.” For National Parks, Congress directs the Department of the Interior through legislation to
undertake location analyses at proposed sites. These analyses are followed by the design of manage-
ment plans, including public and expert consultations, culminating in Congress designating a new
protected area. For instance, the New River Gorge was designated as a National River in 1978 before
being established as a National Park in 2020 through the Consolidated Appropriations Act.® The
process for establishing new state parks is typically somewhat shorter and more localized. For in-
stance, the Kodachrome Basin State Park, Utah, was first studied by the National Geographic Soci-
ety in 1948 and designated as a state park in 1962.° The timeline for creating conservation easements
tends to be shorter than that for national or state parks but can vary depending on the complexity of
the land ownership and negotiations with the owner.'® The significant amount of time that is com-
monly involved in creating protected areas in the U.S. suggests that there may be anticipation effects
of impending protected area formation on land values prior to the regulations taking effect. Impor-

tantly, we will be able to estimate the extent of such anticipation effects in our empirical analyses.

"See National Park Service System Plan (2017), accessed 09,/26/2024.

8See New River Gorge is Now a National Park and Preserve, accessed 09/26,/2024.
9See Kodachrome Basin State Park, accessed 09/26/2024.

10See U.S. Fish and Wildlife Service, Conservation Easement Handbook (2022).


https://parkplanning.nps.gov/files/NationalParkServiceSystemPlan2017_508.pdf
https://www.nps.gov/neri/learn/news/new-river-gorge-is-now-a-national-park-and-preserve.htm
https://en.wikipedia.org/wiki/Kodachrome_Basin_State_Park
https://www.fws.gov/sites/default/files/policy/files/ConservationEasementHandbook.pdf

3 Data Sources and Sample Construction

The principal data sets used in this study are sourced from Corelogic and the U.S. Geological Sur-
vey. Below, we describe each of these data sources in turn, outline how we construct the samples

for our empirical analyses, and provide descriptive statistics on these samples.

3.1 Data Sources

Corelogic Property Data. Corelogic is a leading commercial data provider focused on the U.S.
property market. The Corelogic database is compiled from county-level tax records and covers vir-
tually all properties in the U.S. From this database, we obtain two data sets, namely, the Historical
Property data set and the Owner Transfer data set.

The Historical Property data set contains detailed records on property characteristics. These
characteristics include unique property identifiers (denoted as CLIP), land size in acres, county FIPS
codes, and the spatial coordinates for the centroid of each property. They also include the calculated
value of the property and the source of that information (e.g., appraisal or transaction). Further,
Corelogic captures point-in-time indicators for land use and property type codes. We track changes
in these codes to infer land development (e.g., a change from vacant land to residential or commercial
property). Corelogic updates the records on property characteristics based on available county-level
tax rolls at regular, usually annual, intervals. These updates are current as of the date on which
the local tax assessor certifies the data refresh for a county. We observe historical characteristics for
properties of all types based on updates certified between 2010 and 2020. We focus on properties
whose records indicate that they are classified as vacant land at some point during that period. We
carry forward the historical property characteristics for these properties until a more recent update
becomes available. We thus construct a property-by-year panel data set over the 2010-2020 period.

The Owner Transfer data set contains transaction-level records including information on com-
pletion dates, transaction prices, as well as the identities of buyers and sellers. From this data
set, we extract transactions of vacant land completed between 2010 and 2020. We drop pending
records, retain only arms-length transactions, and focus on transactions recorded in regular deeds
(i.e., not foreclosures or quit claims). We also drop properties that sold multiple times in the same
year to avoid observations associated with land flipping. We merge these transaction records with
the property characteristics panel described above using Corelogic’s property identifiers (CLIP) and

the completion year observed in the transaction records.



U.S. Geological Survey Protected Areas Data. The USGS Protected Areas Database
(PAD-US) contains a set of state-level shape files describing the spatial boundaries and institu-
tional characteristics of the biodiversity-protected areas in the U.S. We use PAD-US version 4.0,
released in 2024. A review of the major changes between different versions of the PAD-US suggests
that they mainly reflect improvements to the quality and quantity of information collected, rather
than large-scale changes in the boundaries of existing protected areas. Such changes would intro-
duce measurement error into our estimations, but this error would strictly attenuate any evidence of
the biodiversity protection discount. Protected area characteristics in the PAD-US include the Gap
Analysis Project (GAP) status of the protected area, the mechanism under which a protected area
was established, the type of agency managing the area, the year in which the protected area was
established, and the size of the area in acres. The GAP status is a measure of the conservation level
of each area. Areas with GAP status 1 and 2 have permanent and legally enforceable protection
from conversion of natural land cover, which restricts development in 95% of their total area.!' In
areas with GAP status 3, extractive uses are permitted, such as logging, mining, and recreational
uses. Areas with GAP status 4 have no known mandate for biodiversity protection. We focus our
analyses on protected areas with GAP status 1 and 2.

We merge the PAD-US protected areas data with the property characteristics panel based on
the parcel-level coordinates included in the Corelogic data outlined above. For each parcel, we
define an indicator that takes the value of one if the parcel-level coordinates are located within the
boundaries of a protected area, and zero otherwise. For parcels located in any protected areas, we
record the GAP status of the area containing the parcel. We then compute the distance from each
set of parcel-level coordinates to the nearest protected area border. For parcels located inside a
protected area with GAP status 1 or 2, this variable measures the distance to the nearest border of
the protected area containing the parcel. For all other parcels, this variable measures the distance
to the nearest border of a protected areas with GAP status 1 or 2 in the same state. For parcels
located inside a protected area with GAP status 1 or 2 (all other parcels), we further merge in key
characteristics of the area containing the parcel (of the nearest protected area with GAP status 1
or 2). The resulting data set allows us to determine whether a given property from the Corelogic
characteristics panel is located in a protected area. It also allows us to observe the characteristics

of the area containing the parcel (the nearest protected area with GAP status 1 or 2, respectively).

11n areas with GAP status 1, natural disturbance events like wildfires or native insect outbreaks are per-
mitted to proceed without intervention. By contrast, such events are suppressed in areas with GAP status 2.



3.2 Sample Construction

We construct two samples based on the merged USGS-Corelogic property characteristics panel
described above. First, we extract a double cross-section of vacant land observed in 2010 and 2015.
We focus on land located within 500 meters of a protected area border, based on the distance between
the centroid of the parcel and the nearest protected area border. To avoid measurement errors in the
classification of land as located inside or outside protected area borders, we drop parcels within 31.8
meters of these borders. This threshold value represents the closest distance that the centroid of a
square one-acre property can be to a protected area border without crossing that border. We further
focus on land located around protected areas that were established before 2006. That is, we focus our
analyses on protected areas that have been in place for at least five years prior to the first observation
year in our sample. We drop observations with missing data on size and land smaller than 0.25 acres.

In this sample, we define Treated as an indicator that takes the value of one if the land is located
inside a protected area with GAP status 1 or 2, and zero if it is not located in any protected area.
Value/Acre is the calculated land value per acre (in $°000). For land observed in 2010 (2015), that
is the average over the 2010-2014 period (the 2015-2019 period), winsorized at the 1st and 99th
percentiles. Acres is the size of the land in 2010 (2015). Developed is an indicator that takes the
value of one if a property is classified as vacant land in 2010 (2015) but is no longer classified as such
by 2014 (2019). We define analogous development indicators for residential land (land use codes
460 and 465), namely, Res. Dev., an indicator for residential development, Res. Lot, an indicator
for land classified as a residential lot rather than acreage, and Sewer, an indicator for land with a
sewer system present (sewer codes commercial, private, public, or septic). Sold is an indicator that
takes the value of one if a property observed in 2010 (2015) appears in the transaction sample by
2014 (2019). Distance is the distance from the centroid of the parcel to the nearest protected area
border in KM. We use the double cross-section of vacant land observed in 2010 and 2015 for our
baseline regression discontinuity analyses of land values around existing protected areas.

We also construct an annual panel of vacant land observed between 2010 and 2020. In contrast
to the double cross-section, we now focus on land located in the vicinity of protected areas that were
established between 2010 and 2020. The other sample selection criteria follow those from the dou-
ble cross-section. Variable definitions also follow those from the double cross-section, except we use
annual, point-in-time observations. We use this annual panel in dynamic regression discontinuity

analyses of land values around protected area borders newly created over the 2010-2020 period.
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We further construct a sample of treated and control transactions of vacant land completed in
the U.S. over the 2010-2020 period. Sample selection criteria and variable definitions again fol-
low those from the double cross-section, except deal information is observed as of the time of the
transaction and property characteristics are observed as of the year prior to the transaction. We
focus on transactions completed after the nearest protected area (the protected area containing the
parcel, respectively) was established. This transaction sample allows us to draw inferences about

the biodiversity protection discount based on observed market prices for vacant land sold.

3.3 Descriptive Statistics

Table 2 presents summary statistics for the treated and control properties in the vacant land samples
used in this study.!? Panel A shows these statistics for the double cross-section of vacant land ob-
served in the U.S. in 2010 and 2015. The statistics reported indicate that the mean value per acre for
treated properties is lower than that for control properties ($20,840 versus $54,190). Treated prop-
erties are, on average, larger than control properties, less likely to be developed, and less likely to be
sold. Panel B shows descriptive statistics for the annual panel of vacant land, computed over the time
period after protected area borders are established. These statistics show similar trends to those in
the double cross-section. The descriptive evidence presented here suggests that biodiversity protec-

tions have significant effects on property values, development outcomes, and other characteristics.
[Insert Table 2 about here.]

Table 3 presents summary statistics for the protected areas in our vacant land samples. Recall
that the protected areas in the double cross-section are selected to have been created in or before
2005. By contrast, the protected areas in the annual panel are selected to have been created after
2010. Panel A (Panel B) presents descriptive statistics for the protected areas represented in the
double cross-section (annual panel). The median protected area in the double cross-section contains
62 treated observations in a given year, is classified as GAP status 2, was established in 1992, and
is nearly 3,000 acres in size. The median protected area in the annual panel contains 14 treated
observations in a given year, is also classified as GAP status 2, was established in 2016, and is ap-

proximately 200 acres in size. See Appendix Table A.1 for the top-10 protected areas in our samples.

[Insert Table 3 about here.]

12 Appendix Figure A.1 presents the breakdown of the sources of information for the land values in the
Corelogic database. Additional descriptive statistics are reported in Appendix Figures A.2 and A.3.
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Figure 2 presents a more detailed breakdown of the treated observations in the double cross-
section of vacant land observed in the U.S. in 2010 and 2015. Panel A shows that 21% (79%,
respectively) of treated properties are located in protected areas with GAP status 1 (GAP status
2). Panel B indicates that the treated properties are mostly in protected areas established under
fee ownership (65%). Panel C indicates that nearly half of the treated properties (44%) are located
in protected areas managed by federal agencies. Panel D shows that 71% (29%, respectively) of

treated properties are located in metropolitan areas (non-metropolitan areas).

[Insert Figure 2 about here.]

4 Identification Strategy

The main identification challenge we face resembles that in the broader literature on the value effects
of land use regulations (Quigley and Rosenthal, 2005, see, e.g.,). For one, biodiversity protections
may have direct effects on the values of regulated land and (potentially offsetting) external effects on
the values of unregulated land nearby (Turner et al., 2014). Biodiversity protections may also be en-
dogenously determined as a function of land values.' Simply put, land in protected areas may differ
from land outside of such areas in ways that affect land values but are unobservable to researchers.

To address this identification challenge, we employ two types of regression discontinuity analyses
(see, e.g. Hahn et al., 2001; Greenstone and Gayer, 2009). As a baseline, we compare the values
of properties located within a narrow bandwidth around pre-existing protected area borders that
are observed at the same time. These static RD analyses allow us to separate direct and external
effects of biodiversity protections on the values of regulated and neighboring unprotected land. The
close spatial matching at the center of this comparison helps us to ensure that treated and control
properties are in locations of comparable quality. For instance, they should be equally exposed to en-
vironmental factors, which have been shown to affect property prices, including air quality, exposure
to flood risk, and proximity to landfills (see Hite et al., 2001; Chay and Greenstone, 2005; Bernstein
et al., 2019; Baldauf et al., 2020; Addoum et al., 2024). Second, we estimate dynamic RD analyses
to trace land values around new protected area borders that are created during our sample period
(see, e.g. Grembi et al., 2016, for a similar approach). These combined RD-DiD analyses allow us

to rule out alternative explanations involving ez-ante selection effects that could bias our estimates.

13See, e.g., Siegan (1972), Ohls et al. (1974), Fischel (1990), Pogodzinski and Sass (1991), McMillen and
McDonald (2002), and Ihlanfeldt (2007).
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4.1 Baseline Regression Discontinuity Analyses

In our baseline RD analyses, we compare land values in the immediate vicinity of pre-existing
protected area borders. Our goal is to isolate any discontinuous shift in land values when crossing
a protected area border after accounting for a property’s distance from that border. We implement
our analyses using a Poisson pseudo-ML model to account for the skewness in the distribution of
land values (see Appendix Figure B.1 and Cohn et al., 2022). Specifically, we estimate regressions of

the following form in the double cross-section of vacant land observed in the U.S. in 2010 and 2015:

Value/Acre, , = Bo + 1 Treated; s + Bo Distance; ; + (3 Treated; s x Distance; W
’ 1
+pBaAcres; + Bs Treated; s X Acres; s + Yot + €it

where Value/Acre is the land value per acre of property i observed in year ¢t in $’000. For properties
observed in 2010, that value is the average calculated value per acre over the 2010-2014 period. For
properties observed in 2015, that value is the average calculated value per acre over the 2015-2019
period. Treated is an indicator that takes the value of one if the vacant land is located inside a
protected area with GAP status 1 or 2, and zero if it is not located in any protected area. Distance
is the distance from the centroid of the vacant land to the nearest protected area border. For treated
properties, this variable measures the distance to the nearest border of the protected area containing
the property. For control properties, this variable measures the distance to the nearest border of
the surrounding protected areas with GAP status 1 or 2 in the same state. Given the differences in
the average size of treated and control properties in the double cross-section (see Panel A of Table
2), we include covariates for property size (Acres) and the interaction between property size and
the treatment indicator (Treated). Acres is the size of the vacant land in acres in 2010 (respectively,
2015). Thus, 81 captures the effect of biodiversity protections on small properties located directly
by the protected area border. We include protected area-by-year fixed effects () in our estimations.
These structures ensure that our treatment effect is identified based on variation in land values near
the same protected area border, in the same year. Standard errors are clustered by protected area.

In alternative specifications, we augment Eq. (1) with higher-order polynomial controls for Dis-
tance and interactions between these controls and the Treated indicator (see, e.g., Cattaneo and
Titiunik, 2022). For robustness, we also estimate Eq. (1) using using different bandwidths ranging
from 100 meters to 500 meters from protected area borders and in the sub-sample of vacant land

transactions described in Section 3.
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4.2 Dynamic Regression Discontinuity Analyses

In our baseline analyses described above, we restrict the sample to properties around the borders
of protected areas that have been in place since at least 2005. This framework does not allow us to
test the assumption of continuity in property characteristics at the protected area border, as any
differences in characteristics may be a result of the biodiversity protections that we study. To assess
the extent to which to-be-treated and to-be-control properties discontinuously differ at the border
of a yet unformed protected area, we employ dynamic regression discontinuity analyses. Specifi-
cally, we estimate regressions of the following form in the annual panel of vacant land around newly

established protected areas observed between 2010 and 2020:

Value/Acre, , = Bo + 1 Treated; s + B2 Treated x 4-0 Yrs. Pre;, )
b K 2

+83 Treated x 1-5 Yrs. Post;; + B4 Covariates; s + Yot + €t

where all variables and notation are as in Eq. (1), except that Treated is an indicator that takes
the value of one for vacant land that is treated in future, that is, land located where a protected
area with GAP status 1 or 2 is later established. 4-0 Yrs. Pre is an indicator that takes the value
of one at times between four and zero years before the formation of the nearest protected area.
1-5 Yrs. Post is an indicator that takes the value of one at times between one and five years after
the formation of the nearest protected area. We further include interactions between Treated and
indicators for the number of years before or after the protected area is created. Thus, the coefficient
on the Treated indicator captures the differential value of to-be-treated properties five and more
years before the formation of the protected area, while the interaction terms indicate how this dif-
ferential changes over time. Covariates for Distance and Acres as well as fixed effects for protected
area-by-year are included as in Eq. (1). Standard errors are clustered by protected area.4

Note that Eq. (2) is different from a staggered difference-in-differences analysis. The inclusion
of protected area-by-year fixed effects creates homogeneous cohorts with a single treatment date.
However, given the lengthy procedures for establishing protected areas in the U.S. (see Section
2), each protected area treatment will likely be anticipated in advance to varying degrees. Lastly,

each protected area in our sample contributes observations for different time periods relative to its

formation (see Appendix Figure C.1 for the distribution of observations in our sample by event year).

4Tn unreported regressions, we include interaction terms between the timing indicators from Eq. (2)
and all covariates. These alternative estimations produce very similar results to those reported in the text.
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4.3 Illustration and Validation of Regression Discontinuity Design

We illustrate the regression discontinuity design outlined above by plotting the locations of example
properties from our estimation samples. We focus on properties in California as it is in the top-
three most frequently observed states in our baseline and dynamic regression discontinuity samples.
Figure 3 presents the resulting maps. Panel A (Panel B) illustrates examples of treated and control
properties around the borders of a protected area in our baseline (dynamic) regression discontinuity
sample. In both panels, the light green shading around the protected area border indicates a 500 me-
ter bandwidth. The red (black) markers indicate the locations of treated (control) properties within
this bandwidth. The close spatial matching of treated and control properties around protected area
borders illustrates the strength of the RD empirical design which is its focus on comparing land

values in the immediate vicinity of these borders, and observed at the same time.
[Insert Figure 3 about here.|

One important requirement for the validity of the RD design is that property characteristics
do not change discontinuously at the border. To test this assumption, we estimate Eq. (1) in the
annual panel of vacant land observed in the U.S. between 2010 and 2020. We repeat this estimation
for each of the variables included in our study and restrict the regression sample to the period at
least five years prior to the formation of a given protected area. The results reported in Table 4
show that there is no discontinuity in land values, property sizes, or development markers at the

borders before the protected areas are established.
[Insert Table 4 about here.|

Another key requirement for the validity of the RD design is that there is no deliberate manip-
ulation of properties being selected into protected areas at the border. As we show in Section 2, the
extent of protected areas in place is driven by the presence of imperiled biodiversity rather than, for
instance, local political preferences. However, to test this assumption behind our RD design more
formally, we implement the threshold manipulation test proposed in Cattaneo et al. (2020). The
results depicted in Figure 4 show that there is no significant difference in the density of properties’
distance from protected area borders at these borders in the first year after the protected areas are es-

tablished. We fail to reject the null hypothesis of no discontinuity at the border (robust p-value 0.75).

[Insert Figure 4 about here.]
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5 Biodiversity Protections and Land Values

In this section, we present the results from estimating the effects of biodiversity protections on
land values based on the identification strategy outlined above. Critically, the effects we document
constitute—to our knowledge—the first estimates of the biodiversity protection discount on the level
of individual asset values derived from quasi-experimental methods in the literature. Our estimates
help inform the debate about the economic effects of land use restrictions for the protection of

biodiversity and provide insight into the trade-offs accompanying such policies.

5.1 Results from Baseline Regression Discontinuity Analyses

Table 5 presents the results from estimating Eq. (1) across the treated and control properties in
the double cross-section of vacant land observed in the U.S. in 2010 and 2015. The dependent
variable is the calculated value per acre of vacant land in $’000. All estimations tabulated include
protected area-by-year fixed effects. The results shown across the different columns of Table 5 vary
by estimation bandwidth around protected area borders and by the set of (higher-order polynomial)
control variables for the distance between a property and the nearest protected area border. Due to
these control variables, the estimates on the Treated indicator represent the discontinuous change

in land values when crossing protected area borders.
[Insert Table 5 about here.]

The estimates reported in column 1 indicate a 45% discount in the value of vacant land subject
to biodiversity protections relative to that of unprotected control properties. This estimate is de-
rived from a specification with a 0.5 KM bandwidth around protected area borders and up to cubic
controls for distance from the border. The estimates in column 2 indicate a comparable discount
of 48% when accounting for linear distance controls instead. The results reported in column 3
further corroborate the estimated discount when limiting the estimation to a narrower bandwidth
of 0.2 KM around protected area borders. Notably, the estimated discounts are somewhat smaller
than, but similar to, the approximately 60% unconditional difference in average land values per acre
reported in Table 2. As a point of reference, the land value discounts we document are similar in
magnitude to those of a 1.5 standard deviation increase in a land use restriction index analyzed in
Turner et al. (2014), which aggregates local development restrictions such as permit waiting times,

growth restrictions, or minimum lot size requirements.
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The coefficient estimates on Distance in columns 2 and 3 capture the external effects of land use
restrictions on the values of neighboring unregulated land, e.g., due to changes in upkeep or develop-
ment of restricted land (Turner et al., 2014). We find little evidence of such external effects on aver-
age. Taking the largest coefficient of 0.26 in column 3 and multiplying it by 0.2 KM suggests a 13%
value increase for a control property at the far end of the estimation bandwidth compared to one right

at the border. Thus, such external effects seem small relative to the shift in land values at the border.

5.2 Robustness Tests for Baseline Analyses

We conduct several additional tests to ensure that our findings are not driven by specific empirical
design choices or undesired features of the institutional setting. First, we examine the robustness
of our estimates to variation in bandwidth restrictions between 100 and 500 meters from protected
area borders. The patterns depicted in Figure 5 show that, despite large increases in the number
of observations as the bandwidth expands, the coefficient estimates on the Treated indicators are

similar to those from our baseline regressions (see Table 5) and corroborate our main inferences.
[Insert Figure 5 about here.]

Second, we re-estimate Eq. (1) in a regular OLS model replacing the dependent variable with
the natural logarithm of the value per acre. The corresponding regression results are shown in
columns 1 and 2 of Table 6. We also re-estimate Eq. (1) with protected area-by-year-by-land use
fixed effects to account for heterogeneous treatment effects depending on land use (see columns 3
and 4). We further re-estimate Eq. (1) weighting sample observations by the inverse of the number
of observations in a given protected area so as not to over-emphasize the estimation results from
areas with a large number of properties around them (see columns 5 and 6). Further, we replicate
our baseline estimation in the sub-sample of vacant land transactions using the transaction price
per acre as the dependent variable (see columns 7 and 8). Given the smaller size of the transaction
sample, we include county-by-year-by-land use fixed effects in these estimations.'® In sum, the

estimates from all our robustness tests are fully consistent with our main inferences.®

[Insert Table 6 about here.|

15The results reported in Appendix Table D.1 show that biodiversity protections significantly reduce the
liquidity of vacant land within protected area borders.

16Unreported tests additionally indicate that the size of a protected area has little effect on our findings,
which are qualitatively similar after excluding the 10% largest or smallest protected areas measured either
by the number of properties in our sample or by the total acreage of the area.
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5.3 Results from Dynamic Regression Discontinuity Analyses

We dig deeper into the evidence for a biodiversity protection discount in the market for vacant land
using dynamic regression discontinuity analyses around protected area borders that are newly estab-
lished during our sample period. Table 7 presents the results from estimating the dynamic regression
discontinuity model from Eq. (2) in the annual panel of vacant land observed in the U.S. between
2010 and 2020. The dependent variable is the value per acre of vacant land. The results shown
across the different columns of Table 7 vary by the sets of fixed effects included in the estimations.
All estimations tabulated are for a 0.5 KM bandwidth around protected area borders and include

up to third-order polynomial controls for a property’s distance to the nearest protected area border.
[Insert Table 7 about here.]

Across all three columns of Table 7, the coefficient estimate on the Treated indicator is statisti-
cally insignificant. The economic magnitude of the estimated effects is also small, ranging from 4%
to 8% depending on the specification. Thus, our estimates indicate no significant differences in the
values of to-be-treated properties in the five to nine years prior to a protected area’s formation. This
finding provides some comfort that protected areas are not created on ez-ante less valuable land.

The coeflicient estimates on the interaction terms between the Treated indicator and the 4-0
Years Pre indicator reported in Table 7 indicate that a significant discount for to-be-treated prop-
erties emerges four years prior to the formation of a protected area. The economic magnitude of
the estimated effects is also significant, ranging from 19% to 21% depending on the specification.
Recall that the process for establishing new protected areas typically takes several years (see Section
2). Thus, the evidence we present for land values beginning to trend down as the treatment date
approaches is consistent with significant anticipation effects among land owners.

Importantly, the coefficient estimates on the interaction terms between the Treated indicator
and the 1-5 Years Post indicator reported in Table 7 indicate a statistically significant discount for
treated properties after a protected area is formed. The economic magnitude of the estimated effects
is highly significant, reaching between 34% and 38% depending on the specification. These estimates
are consistent with a significant biodiversity protection discount in the market for vacant land.

In sum, the evidence presented in Table 7 indicates no significant discount for to-be-treated
properties several years prior to protected area formation. However, a notable discount emerges as
adoption approaches and rises sharply after protected areas are established. These data patterns

are consistent with a causal effect of biodiversity protections on the value of vacant land.
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Note that the estimation results reported in column 1 of Table 7 include protected area-by-year
interacted fixed effects. Thus, the coefficient estimates in column 1 capture the extent to which a
relative value wedge appears between treated and control properties. By contrast, the estimates
shown in columns 2 and 3 do not include such interacted fixed effects. Therefore, the results re-
ported in these columns allow us to attribute the observed value wedge to reductions in the values
of treated properties versus uplifts in the values of control properties. Notably, the estimates in
column 2 suggest that, after the including separate fixed effects for protected area and observation
year, virtually the entire discount is driven by declines in treated property values.

Figure 6 presents year-by-year estimates derived from the estimation results shown in Table 7.
In each panel, the horizontal axis represents event time relative to protected area formation, and the
vertical axis indicates the value differential at a given event time relative to an untreated property
nine years before protected area formation. The estimates depicted in Panel A (respectively, Panel

B) are derived from the estimations reported in column 1 (column 2) of Table 7.

[Insert Figure 6 about here.]

Panel A shows that the estimated value difference between to-be-protected properties and control
properties remains almost exactly zero until about two years before protected area formation. By five
years after protected area formation, the estimated value difference is very similar to the 45% long-
run discount that we report in Table 5. The dynamics of treated property values presented in Panel B
closely match those of the overall value wedge illustrated in Panel A. In contrast, we find virtually no
change in the values of control properties in the fifteen years surrounding protected area formation.

In sum, the data patterns depicted in Figure 6 are consistent with (1) investors, assessors, and
land owners updating their beliefs regarding the introduction of protected areas as the treatment
date approaches, and (2) calculated land values updating with a lag as new appraisals and compara-
ble sales data become available. By contrast, the evidence presented fails to support an alternative
explanation whereby the biodiversity protection discount is driven by ex-ante lower land values in-
side protected areas. In particular, omitted variables would have to explain why property values just
inside to-be-protected area borders decline by almost 50% around protected area formation. Thus,
while we cannot rule out omitted variables contributing to the observed discount to some degree, a

causal effect of biodiversity protections on land values is likely the predominant driver of our results.
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5.4 Discussion

The estimation results presented above can be used to inform discussions about the economic costs
of biodiversity protections. Specifically, we can quantify the impact of biodiversity protections on
aggregate land values in the U.S. using counterfactual valuations derived from our estimation results.

First, we focus on the value of land in our sample within 500 meters of protected area borders.
The average value per acre of unprotected land in this selection is $32,000. In the absence of any
biodiversity protection discount, protected land in this selection should have the same value per acre.
Applying $32,000 per acre to the 1.9 million acres of protected land in this selection yields a counter-
factual aggregate value of $36 billion. Reducing this aggregate value by our 45% estimated biodiver-
sity protection discount yields $16 billion. This result suggests that shifting protected area borders
inward by 500 meters would result in a windfall gain of $16 billion. However, this estimate is likely
low as it is restricted to the protected land in our sample within 500 meters of protected area borders.

Under the assumption that the $32,000 valuation can be applied to all land inside the protected
areas in our sample, we can expand our calculations. The total amount of land inside these protected
areas is 47 million acres. Applying $32,000 per acre to this total yields a counterfactual aggregate
value of $533 billion. Discounting this aggregate value by 45% suggests that the economic cost of
the protected areas in our sample totals $240 billion in lost land value in aggregate.

The biodiversity protection discount we estimate represents an important input for assessing the
welfare implications of conservation policies. A large theoretical literature discusses various ways to
estimate the benefits to biodiversity. For example, Brock and Xepapadeas (2003) proposes a dynamic
welfare measure that extends the more traditional benefit-cost and genetic distance / phylogenic
tree approaches used in studies such as Weitzman (1992, 1993). The effective use of either of these
approaches requires an estimate of the costs to biodiversity protections. Weitzman (1993) explicitly
states the importance of measuring the costs of biodiversity protections in the cost-benefit approach,
where our cost estimates should be embedded in the Bellman equation used to estimate the dynamic
value of biodiversity. Like Turner et al. (2014), our econometric technique does not allow us to
identify overall supply effects. Turner et al. (2014) assume that such supply effects are not relevant
to welfare analyses. The large discounts we observe are consistent with this assumption, since
they suggest that protected land has features that are not easily replicated elsewhere in the local
economy. In the following section, we examine this conjecture more directly by studying whether

the biodiversity protection discount is driven by a reduction in land development opportunities.
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6 Development and the Biodiversity Protection Discount

The value of vacant land is driven by the present value of future cash flows, which are often gen-
erated from development. Since biodiversity protections restrict land use, reduced development
opportunities represent an intuitive potential driver of the discount we document. However, Grupp
et al. (2023) find that biodiversity protections have little effect on land development overall (see also
Joppa and Pfaff, 2009). Further, it is unclear whether the biodiversity protections in our study alter
development outcomes over the course of our sample period. Conservation efforts are typically im-
plemented over many decades (see, e.g., Pimm et al., 2014). For instance, the Post-2020 Global Bio-
diversity Framework Working Group highlights conservation goals for 2050 and beyond (Tsioumani,
2020). Long-run conservation goals may not materially affect development in the short term. Espe-
cially given evidence of very low long-run discount rates (see, e.g., Giglio et al., 2015), it is possible
that reduced development opportunities far in the future, rather than development outcomes that
we can observe during our sample period, are the primary driver of the discount we document.
We study the link between the biodiversity protection discount and observed development in
two main ways. First, we test whether these protections reduce the observed likelihood of devel-
opment. Then, we test whether the biodiversity protection discount is modulated by the extent of

land development that is observed inside protected areas.

6.1 Effects of Biodiversity Protections on Development

To assess the effect of biodiversity protections on the likelihood of development, we estimate Eq. (1)
as a linear probability model in our double cross-section. We replace the dependent variable with De-
veloped, an indicator that takes the value of one if a property classified as vacant land in 2010 (respec-

tively, 2015) is no longer classified as such by 2014 (respectively, 2019). Table 8 presents the results.
[Insert Table 8 about here.|

The estimates reported in columns 1 through 3 indicate that biodiversity protections signifi-
cantly reduce the probability of land development. Depending on the specification, we find a 3.1
to 3.6 percentage point decline in the likelihood of development. These estimates correspond to
an approximately 30% reduction in development rates relative to the unconditional mean of this
variable. Our findings imply that the presence of biodiversity-protected areas has real effects on

land use and observed land development patterns.
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We corroborate the evidence for the effects of biodiversity protections on observed development
by assessing additional indicators of development activity. In these analyses, we focus on residen-
tial land since residential development accounts for nearly two-thirds of the total development we
observe. Residential land in our sample is any property with land use code 460 or 465. Column 4
of Table 8 shows that biodiversity protections predict a 4.3 percentage point (or c¢. 38%) decline in
the probability of residential land being developed. Columns 5 and 6 show that this development
reduction manifests in other key indicators, such as a reduced probability of land being classified as
a residential lot (as opposed to acreage) and the presence of a sewer system. These findings support
the inference that the biodiversity-protected areas in the double cross-section, all of which have been
created in or before 2005, impact observed development rates during the 2010-2020 sample period.

We also replicate our dynamic regression discontinuity analyses for the development indicators
shown in Table 8. To that end, we re-estimate the regression specification from Eq. (2) as a linear
probability model in the annual panel of vacant land observed in the U.S. between 2010 and 2020.
These analyses allow us to assess the evidence for pre-existing differences in land development rates
prior to the creation of protected areas. They further allow us to document any immediate impact

of newly created protected areas on observed development rates. Table 9 presents the results.
[Insert Table 9 about here.|

The estimates reported across the four columns in Table 9 indicate consistent patterns in ob-
served development rates around the introduction of new protected areas. First, we find no evidence
for significant differences in annual development rates between to-be-treated properties and control
properties more than five years prior to the introduction of new protected areas. Second, we detect
reduced development rates for to-be-treated land in the five years preceding the introduction of new
protected areas, consistent with the anticipation effects from the value analyses reported in Table
7. These effects are statistically and economically significant for the development of residential
land (see columns 2 through 4). Further, the estimates reported indicate a sharp drop in observed
development rates in the five years following the introduction of new protected areas. Again, these
effects are statistically and economically significant for residential development. The dynamic es-
timation results presented here are fully consistent with the observed land value patterns reported
in Section 5.3. In sum, the findings discussed in this section indicate that biodiversity protections

have immediate economic effects on development rates of vacant land in the U.S.
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6.2 Linking the Biodiversity Protection Discount to Development

The results presented in Tables 8 and 9 suggest that reduced development is an important mech-
anism through which biodiversity protections affect land values. We further examine the merits of
this explanation by constructing two variables that reflect the extent of development around pro-
tected area borders. We define Treated Development as the mean rate of development inside the
nearest protected area within 500 meters of the area border over the 2010-2014 period and over the
2015-2019 period, respectively. Analogously, we define Control Development as the corresponding
mean rate of development outside the nearest protected area within 500 meters of the area border.!”

If the biodiversity protection discount is driven by reduced current development opportunities,
then we expect this discount to be attenuated in areas that experience relatively more development.
To test this conjecture, we again estimate Eq. (1) across the treated and control properties in the
double cross-section of vacant land observed in the U.S. in 2010 and 2015. However, we augment
the regression specifications with interaction terms between Treated and Treated Development as

well as Treated and Control Development. Table Table 10 presents the results.
[Insert Table 10 about here.]

The estimates reported across the columns of Table 10 indicate that the interaction terms be-
tween Treated and Treated Development are associated with higher land values. These results sug-
gest that the biodiversity protection discount is driven by reduced development opportunities in pro-
tected areas. Notably, our estimates indicate biodiversity protection discounts of 20% to 30% of land
values even at the 95t percentile value of Treated Development. These results imply that a significant
biodiversity protection discount persists even when some development inside protected areas is per-
mitted. This persistence in the biodiversity protection discount likely reflects increased compliance
or mitigation costs for any development projects that are allowed to proceed inside protected areas.

In sum, the estimation results we report indicate that typical biodiversity protections in the
U.S. have significant and immediate effects on land values and impact observed development pat-
terns. Moreover, we present evidence showing that these two findings are linked. Our findings imply
that reduced development opportunities represent an important driver of the biodiversity protection

discount in the market for vacant land in the U.S.

1"The median treated property in our sample is in a protected area that exhibits zero Treated Development
over a given five-year period. The 90" (95t") percentile property is in an area with 14% (53%) Treated Devel-
opment. By contrast, the median control property is located around a protected area with 4.5% Control De-
velopment, whereas the 90t" (95") percentile property is near an area with 26% (43%) Control Development.
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7 Heterogeneity in the Biodiversity Protection Discount

In this section, we assess potential heterogeneity in the biodiversity protection discount. These anal-

yses provide additional evidence on the economic mechanisms driving the observed data patterns.

7.1 Heterogeneity by Local Land Scarcity

We explore heterogeneity based on the scarcity of developable land to shed further light on the extent
to which development opportunities drive the biodiversity discount. If restrictions to development
opportunities are a key driver of the biodiversity protection discount, we expect this discount to
be larger in locations that have less developable land. We proxy for land scarcity using indicators
for locations (i) where land represents an above- vs. below-median share of property values, (ii)
that have above- vs. below-median shares of developable land as a function of their topography,
(iii) that are classified as metropolitan vs. non-metropolitan areas, and (iv) that feature above- vs.
below-median strictness of land use regulations. The data on land shares are from the FHFA as of
2012 (see Davis et al., 2021). The data on land unavailability are from Lutz and Sand (2023) and
represent a highly disaggregated refinement of the measure proposed in Saiz (2010). The data for
metropolitan area status are from the U.S. Census Bureau as of 2010. The data on land use regula-
tions are from the Wharton Residential Land Use Regulatory Index as of 2008 (see Gyourko et al.,
2008). We re-estimate Eq. (1) across the treated and control properties in the double cross-section
of vacant land observed in the U.S. in 2010 and 2015, partitioned along the location characteristics

outlined above. Table 11 presents the results.
[Insert Table 11 about here.]

The estimates reported in columns 1 and 2 indicate that the biodiversity protection discount is
concentrated in locations where land represents a larger share of property values. While a higher
land share may be correlated with greater land scarcity, it is endogenously determined. The esti-
mates in columns 3 and 4 indicate that the biodiversity protection discount is also concentrated in
locations with lower land availability as a function of their topography. This measure is arguably a
more exogenous indicator of land scarcity (see, e.g., Lutz and Sand, 2023). Both sets of estimates
suggest that the availability of developable land in a location modulates the biodiversity protection
discount. Thus, the results presented in columns 1 through 4 corroborate our inferences that current

development opportunities are a key driver of the biodiversity protection discount we document.

24



The estimates reported in columns 5 and 6 of Table 11 indicate that the biodiversity protection
discount persists across metropolitan and non-metropolitan areas. However, the estimates reported
also indicate significant differences in the external effects of biodiversity protections across these
location types. Specifically, we find that these effects are concentrated in metropolitan areas, where
the values of control properties increase in the distance from protected area borders. Our analyses
reveal similar patterns across locations with high vs. low land use regulations (see columns 7 and
8). Again, we find that the biodiversity protection discount persists across both location types,
but external effects are concentrated in locations with high levels of regulation. In sum, the results
reported in columns 5 through 8 suggest that external effects of biodiversity protections are stronger

in denser, more tightly regulated locations where land development is arguably more difficult.

7.2 Heterogeneity by Local Political Regimes

In our second set of heterogeneity tests, we study how the biodiversity protection discount relates
to local political regimes. These analyses are motivated by the link between optimal conservation
policy and political regimes discussed in Harstad and Mideksa (2017) and Harstad (2023). One con-
clusion from this discussion is that conservation requires repeated political commitment to ward off
the threat of exploitation, which need only occur once to deplete resources or destroy habitat. The
resulting requirement of constantly renewing political commitment to conservation suggests that
land owners form expectations about the future existence of conservation policies. The discussion
in in Harstad and Mideksa (2017) and Harstad (2023) suggests that these expectations may be a
function of the prevailing political regime. Specifically, we draw on a large body of work indicating
that Republicans are less concerned about environmental risks and therefore less supportive of en-
vironmental policies (see, e.g., Dunlap and McCright, 2008; Konisky et al., 2008; Bernstein et al.,
2022; Bisetti et al., 2022). Against this background, we expect that the biodiversity protection
discount will be smaller in Republican-dominated areas.

To test this conjecture, we define Republican-dominated areas on the county-level using the share
of Republican votes in the 2012 presidential election (denoted Rep. (%)). Alternatively, we define an
indicator for counties with above-median Republican vote shares in this election (denoted Rep.Ind.).
We then re-estimate (1) in the double cross-section of vacant land observed in the U.S. in 2010 and

2015, conditioning on Republican vote shares as outlined above. Table 12 presents the results.

[Insert Table 12 about here.|

25



The coefficient estimate on Treated in column 1 indicates a 57% biodiversity protection discount
in Democratic-dominated counties. The estimate on the interaction term in this column indicates
that the discount is only half as large in Republican-dominated counties. The estimates in column 2
corroborate these results. The coefficient on Treated in this column corresponds to an 80% discount
in a hypothetical county with 100% Democratic votes. By contrast, the coefficient on the interaction
term between Treated and Rep. (%) indicates that there is no significant discount in a hypothetical
county with 100% Republican votes. Columns 3 and 4 present sub-sample analyses across counties
with above- versus below-median Republican support. We observe a significant discount in both
sub-samples, but the coefficient on Treated is smaller and only marginally significant in Republican-
dominated counties. In sum, these results are consistent with our prior that local political regimes
affect the biodiversity protection discount.

In column 5, we test whether the effect of local political regimes on the biodiversity protection
discount is related to protected area ownership. Specifically, we expect the influence of local political
regimes to attenuate when protected areas are not government-owned. We test this conjecture by
introducing a triple interaction between Treated, Rep.Ind., and an indicator for non-government own-
ership (Non-Govt. Own.).'® Consistent with our prior, we find that this interaction is significantly
negative. The magnitude of the coefficient estimate suggests that county-level politics have no sig-
nificant effect on the biodiversity protection discount surrounding the 25% of protected areas owned
by private or non-governmental entities. For the other 75% of protected areas, which are owned
by government entities, political regimes significantly predict the discount. The estimated discount
around government-owned areas in Democratic (Republican) counties is approximately 56% (25%).

Our results thus far indicate that development opportunities and political regimes determine
the biodiversity protection environment. Next, we study the extent to which these two factors are
related. To that end, we augment our regressions with Treated Development and Control Devel-
opment from Table 10. In column 6 of Table 12, we include the interaction between Treated and
these additional variables. The corresponding coefficient estimates show that the effect of political
regimes on the biodiversity protection discount is virtually unchanged after the inclusion of these
control variables. The development covariates themselves also continue to significantly predict the

biodiversity discount with similar magnitudes to those estimated in Table 10.

18Non-government ownership includes private and NGO owners. Other forms of ownership are local, state,
federal, or district (i.e., regional) government ownership, as well as designated protected areas. The results
are similar whether or not we include the 3% of areas with unknown ownership structures as control units.
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Our results suggest that while development opportunities and political regimes predict the biodi-
versity discount, these two drivers appear to be largely independent of each other. This result would
not be expected if the effect of political regimes on the biodiversity discount was driven primarily
by differences in the current enforcement of existing biodiversity protections. Our findings are more
consistent with the interplay between political regimes and the biodiversity protection discount

being due to variation in land owners’ expectations about the longevity of biodiversity protections.

8 Conclusion

Biodiversity loss is increasingly recognized as a significant risk to the global economy. Given that
land use changes represent a key driver of biodiversity loss, many nations have responded to this
risk with local land use restrictions designed to conserve biodiversity. In the U.S., approximately
8% of land is located in biodiversity-protected areas, which significantly restrict permitted land use.
Yet, the academic literature lacks clean estimates of how these biodiversity protections affect land
values. Such estimates are essential for designing optimal conservation policy.

We provide novel evidence on how U.S. biodiversity protections impact land values and devel-
opment. We document an average biodiversity protection discount of 45%, with little evidence of
external effects on neighboring unprotected properties on average. This discount is accompanied by
reduced development in biodiversity-protected areas and it is strongest (1) in protected areas where
land development is least likely to occur, (2) in locations where developable land is more scarce,
and (3) in counties where land owners expect repeated political commitment to conservation.

Our estimates contribute to the growing body of research studying the costs of preserving and
restoring global biodiversity. These costs need to be weighed against the benefits of protecting and
restoring biodiversity to determine optimal conservation policies. The costs of biodiversity protec-
tions that we document in terms of reduced asset values in the U.S. market for vacant land represent

an important input to understanding the economic trade-offs involved in conservation efforts.

27



References

Addoum, Jawad, Piet Eichholtz, Eva Steiner, and Erkan Y&nder, 2024, Climate Change and Com-
mercial Real Estate: Evidence from Hurricane Sandy, Real Estate Economics 52, 687-713.

Auffhammer, Maximilian, Maya Duru, Edward Rubin, and David Sunding, 2020, The Economic Im-
pact of Critical-Habitat Designation: Evidence from Vacant-Land Transactions, Land Economics
96, 188-206.

Baldauf, Markus, Lorenzo Garlappi, and Constantine Yannelis, 2020, Does Climate Change Affect
Real Estate Prices? Only If You Believe In It, Review of Financial Studies 33, 1256-1295.

Bernstein, Asaf, Stephen Billings, Matthew Gustafson, and Ryan Lewis, 2022, Partisan Residential
Sorting on Climate Change Risk, Journal of Financial Economics 146, 989-1015.

Bernstein, Asaf, Matthew Gustafson, and Ryan Lewis, 2019, Disaster on the Horizon: The Price
Effect of Sea-Level Rise, Journal of Financial Economics 134, 253-272.

Bisetti, Emilio, Stefan Lewellen, Arkodipta Sarkar, and Xiao Zhao, 2022, Smokestacks and the
Swamp, Working Paper 3947936, SSRN.

Boskovié¢, Branko, and Linda Ngstbakken, 2017, The Cost of Endangered Species Protection: Evi-
dence from Auctions for Natural Resources, Journal of Environmental Economics and Manage-
ment 81, 174-192.

Brock, William, and Anastasios Xepapadeas, 2003, Valuing Biodiversity from an Economic Per-
spective: A Unified Economic, Ecological, and Genetic Approach, American Economic Review
93, 1597-1614.

Buchanan, James, and Gordon Tullock, 1975, Polluters’ Profits and Political Response: Direct
Controls versus Taxes, American Economic Review 65, 139-147.

Cardinale, Bradley, Emmett Duffy, Andrew Gonzalez, David Hooper, Charles Perrings, Patrick
Venail, Anita Narwani, Georgina M. Mace, David Tilman, David A. Wardle, Ann P. Kinzig,
Gretchen C. Daily, Michel Loreau, James B. Grace, Anne Larigauderie, Diane S. Srivastava, and
Shahid Naeem, 2012, Biodiversity Loss and Its Impact on Humanity, Nature 486, 59-67.

Cattaneo, Matias, Michael Jansson, and Xinwei Ma, 2020, Simple Local Polynomial Density Esti-
mators, Journal of the American Statistical Association 115, 1449-1455.

Cattaneo, Matias, and Rocio Titiunik, 2022, Regression Discontinuity Designs, Annual Review of
Economics 14, 821-851.

Chay, Kenneth, and Michael Greenstone, 2005, Does Air Quality Matter? Evidence from the
Housing Market, Journal of Political Economy 113, 376-424.

Chen, Fukang, Minhao Chen, Lin William Cong, Haoyu Gao, and Jacopo Ponticelli, 2024, Pricing
the Priceless: The Financial Cost of Biodiversity Conservation, Working Paper 32743, National
Bureau of Economic Research.

28



Clancy, Niall, John Draper, Marshall Wolf, Umarfarooq Abdulwahab, Maya Pendleton, Soren
Brothers, Janice Brahney, Jennifer Weathered, Edd Hammill, and Trisha Atwood, 2020, Pro-
tecting Endangered Species in the USA Requires Both Public and Private Land Conservation,
Nature Scientific Reports 10, 11925.

Cohn, Jonathan, Zack Liu, and Malcolm Wardlaw, 2022, Count (and Count-Like) Data in Finance,
Journal of Financial Economics 146, 529-551.

Coqueret, Guillaume, Thomas Giroux, and Olivier David Zerbib, 2024, The Biodiversity Premium,
Working Paper 4489550, SSRN.

Davis, Morris, William Larson, Stephen Oliner, and Jessica Shui, 2021, The Price of Residential
Land for Counties, ZIP Codes, and Census Tracts in the United States, Journal of Monetary
Economics 118, 413-431.

Deutz, Andrew, Geoffrey Heal, Rose Niu, Eric Swanson, Terry Townshend, Zhu Li, Alejandro
Delmar, Algayam Meghji, Suresh Tobin-de la Sethi, and John Puente, 2020, Financing Nature:
Closing the Global Biodiversity Financing Gap, Research Report, The Paulson Institute, The
Nature Conservancy, and the Cornell Atkinson Center for Sustainability.

Dunlap, Riley, and Araon McCright, 2008, A Widening Gap: Republican and Democratic Views
on Climate Change, Fnvironment: Science and Policy for Sustainable Development 50, 26-35.

Ferris, Ann, and Eyal Frank, 2021, Labor Market Impacts of Land Protection: The Northern
Spotted Owl, Journal of Environmental Economics and Management 109, 102480.

Fischel, William, 1990, Do Growth Controls Matter? A Review of Empirical Evidence on the
Effectiveness and Efficiency of Local Government Land Use Regulation, Technical Report, Lincoln
Institute of Land Policy.

Flammer, Caroline, Thomas Giroux, and Geoffrey Heal, 2023, Biodiversity Finance, Working Paper
31022, National Bureau of Economic Research.

Frank, Eyal, and Anant Sudarshan, 2024, The Social Costs of Keystone Species Collapse: Evidence
from the Decline of Vultures in India, American Economic Review 114, 3007-3040.

Garel, Alexandre, Arthur Romec, Zacharias Sautner, and Alexander Wagner, 2024, Do Investors
Care About Biodiversity?, Review of Finance 28, 1151-1186.

Giglio, Stefano, Theresa Kuchler, Johannes Stroebel, and Olivier Wang, 2024, The Economics of
Biodiversity Loss, Working Paper 32678, National Bureau of Economic Research.

Giglio, Stefano, Theresa Kuchler, Johannes Stroebel, and Xuran Zeng, 2023, Biodiversity Risk,
Working Paper 31137, National Bureau of Economic Research.

Giglio, Stefano, Matteo Maggiori, and Johannes Stroebel, 2015, Very Long-Run Discount Rates,
Quarterly Journal of Economics 130, 1-54.

Greenstone, Michael, and Ted Gayer, 2009, Quasi-Experimental and Experimental Approaches to
Environmental Economics, Journal of Environmental Economics and Management 57, 21-44.

29



Grembi, Veronica, Tommaso Nannicini, and Ugo Troiano, 2016, Do Fiscal Rules Matter?, American
Economic Journal: Applied Economics 8, 1-30.

Grupp, Tristan, Prakash Mishra, Mathias Reynaert, and Arthur van Benthem, 2023, An Evaluation
of Protected Area Policies in the European Union, Working Paper 31934, National Bureau of
Economic Research.

Gyourko, Joseph, Albert Saiz, and Anita Summers, 2008, A New Measure of the Local Regulatory
Environment for Housing Markets: The Wharton Residential Land Use Regulatory Index, Urban
Studies 45, 693-729.

Hahn, Jinyong, Petra Todd, and Wilbert Van der Klaauw, 2001, Identification and Estimation of
Treatment Effects with a Regression-Discontinuity Design, Econometrica 69, 201-209.

Hamilton, Healy, Regan Smyth, Bruce Young, Timothy Howard, Christopher Tracey, Sean Breyer,
Richard Cameron, Anne Chazal, Amy Conley, Charlie Frye, and Carrie Schloss, 2022, Increasing
Taxonomic Diversity and Spatial Resolution Clarifies Opportunities for Protecting U.S. Imperiled
Species, Ecological Applications 32, e2534.

Harstad, Bard, 2023, The Conservation Multiplier, Journal of Political Fconomy 131, 1731-1771.

Harstad, Bard, and Torben Mideksa, 2017, Conservation Contracts and Political Regimes, Review
of Economic Studies 84, 1708-1734.

Heal, Geoffrey, and Unai Pascual, 2024, Biodiversity as a Commodity, in Samuel M. Scheiner, ed.,
Encyclopedia of Biodiversity (Third Edition), 152-166 (Academic Press, Oxford).

Hite, Diane, Wen Chern, Fred Hitzhusen, and Alan Randall, 2001, Property-Value Impacts of an
Environmental Disamenity: The Case of Landfills, Journal of Real Estate Finance and Economics
22, 185-202.

Ihlanfeldt, Keith, 2007, The Effect of Land Use Regulation on Housing and Land Prices, Journal
of Urban Economics 61, 420-435.

Jaureguiberry, Pedro, Nicolas Titeux, Martin Wiemers, Diana Bowler, Luca Coscieme, Abigail
Golden, Carlos Guerra, Ute Jacob, Yasuo Takahashi, Josef Settele, Sandra Diaz, Zsolt Molnar,
and Andy Purvis, 2022, The Direct Drivers of Recent Global Anthropogenic Biodiversity Loss,
Science Advances 8, eabm9982.

Jenkins, Clinton, Kyle Van Houtan, Stuart Pimm, and Joseph Sexton, 2015, US Protected Lands
Mismatch Biodiversity Priorities, Proceedings of the National Academy of Sciences 112, 5081—
5086.

Joppa, Lucas, and Alexander Pfaff, 2009, High and Far: Biases in the Location of Protected Areas,
PLoS ONE 4, e8273.

Karolyi, Andrew, and John Tobin-de la Puente, 2023, Biodiversity Finance: A Call for Research
into Financing Nature, Financial Management 52, 231-251.

Keohane, Nathaniel, Richard Revesz, and Robert Stavins, 1998, The Choice of Regulatory Instru-
ments in Environmental Policy, Harvard Environmental Law Review 22, 313-368.

30



Konisky, David, Jeffrey Milyo, and Lilliard Richardson, 2008, Environmental Policy Attitudes:
Issues, Geographical Scale, and Political Trust, Social Science Quarterly 89, 1066—1085.

Krueger, Philipp, Zacharias Sautner, and Laura Starks, 2020, The Importance of Climate Risks for
Institutional Investors, Review of Financial Studies 33, 1067-1111.

Lutz, Chandler, and Ben Sand, 2023, Highly Disaggregated Land Unavailability, Working Paper
3478900, SSRN.

McMillen, Daniel, and John McDonald, 2002, Land Values in a Newly Zoned City, Review of
Economics and Statistics 84, 62-72.

NatureServe, 2023, Biodiversity in Focus: United States Edition, Research Report, NatureServe,
Arlington, VA.

Ohls, James, Richard Weisberg, and Michelle White, 1974, The Effect of Zoning on Land Value,
Journal of Urban Economics 1, 428-444.

Pimm, Stuart, Clinton Jenkins, Robin Abell, Thomas Brooks, John Gittleman, Lucas Joppa, Peter
Raven, Callum Roberts, and Joseph Sexton, 2014, The Biodiversity of Species and Their Rates
of Extinction, Distribution, and Protection, Science 344, 987-987.

Pogodzinski, Michael, and Tim Sass, 1991, Measuring the Effects of Municipal Zoning Regulations:
A Survey, Urban Studies 28, 597-621.

Quigley, John, and Larry Rosenthal, 2005, The Effects of Land Use Regulation on the Price of
Housing: What Do We Know? What Can We Learn?, Cityscape 8, 69-137.

Reynaert, Mathias, Eduardo Souza-Rodrigues, and Arthur van Benthem, 2024, The Environmental
Impacts of Protected Area Policy, Regional Science and Urban Economics 107, 103968.

Saiz, Albert, 2010, The Geographic Determinants of Housing Supply, Quarterly Journal of Eco-
nomaics 125, 1253-1296.

Sala, Osvaldo, Stuart Chapin, Juan Armesto, Eric Berlow, Janine Bloomfield, Rodolfo Dirzo, Elisa-
beth Huber-Sanwald, Laura Huenneke, Robert Jackson, Ann Kinzig, Rik Leemans, David Lodge,
Harold Mooney, Martin Oesterheld, LeRoy Poff, Martin Sykes, Brian Walker, Marilyn Walker,
and Diana Wall, 2000, Global Biodiversity Scenarios for the Year 2100, Science 287, 1770-1774.

Siegan, Bernard, 1972, Land Use Without Zoning (D. C. Heath and Company).

Stroebel, Johannes, and Jeffrey Wurgler, 2021, What Do You Think About Climate Finance?,
Journal of Financial Economics 142, 487-498.

Tsioumani, Elsa, 2020, Convention on Biological Diversity: A Review of the Post-2020 Global
Biodiversity Framework Working Group Negotiations, Environmental Policy and Law 50, 55—59.

Turner, Matthew, Andrew Haughwout, and Wilbert van der Klaauw, 2014, Land Use Regulation
and Welfare, Econometrica 82, 1341-1403.

UN, 2022, The State of Finance for Nature in the G20, Technical Report, United Nations Environ-
ment Program, Nairobi, Kenya.

31



Weitzman, Martin, 1992, On Diversity, Quarterly Journal of Economics 107, 363-405.

Weitzman, Martin, 1993, What to Preserve? An Application of Diversity Theory to Crane Conser-
vation, Quarterly Journal of Economics 108, 157-183.

Weitzman, Martin, 1998, The Noah’s Ark Problem, Econometrica 66, 1279-1298.

WWEF, 2022, Living Planet Report 2022, Technical Report, World Wildlife Fund, Gland, Switzer-
land.

Xin, Wei, Lewis Grant, Ben Groom, and Chendi Zhang, 2023, Biodiversity Confusion: The Impact
of ESG Biodiversity Ratings on Asset Prices, Working Paper 4540722, SSRN.

Xiong, William, 2024, The World Market Price of Biodiversity Risk, Working Paper, Binghamton
University.

32



Figure 1. Biodiversity Protections and Imperiled Species Habitats in the U.S.

This figure presents the spatial distribution of biodiversity-protected areas and imperiled species
habitats in the contiguous U.S. Panel A shows the geographic extent of protected areas based
on the USGS Protected Areas Database as of 2024 (PAD-US 4.0). Dark green shading indicates
areas with permanent biodiversity protections in place (those with GAP status 1 and 2). Panel
B shows the spatial concentration of imperiled species and their habitats based on high-resolution
habitat suitability analyses for over 2,200 endangered species including vertebrates, vascular plants,
freshwater invertebrates, and pollinators as of 2018 from Hamilton et al. (2022). Lighter (yellow)
shading indicates a higher concentration of imperiled species. The data used to produce this figure
are from NatureServe/ESRI, the USGS, and the U.S. Census Bureau.

(B) Concentration of Imperiled Species
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Figure 2. Sample Distribution of Treated Properties

This figure depicts the breakdown of the treated properties in the double cross-section of vacant
land observed in the U.S. in 2010 and 2015 by GAP status (Panel A), mechanism of protected area
establishment (Panel B), protected area management type (Panel C), and location type (Panel
D). Treated properties are those located inside a protected area with GAP status 1 or 2. The data
used to produce this figure are from Corelogic, the USGS, and the U.S. Census Bureau.
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Figure 3. Illustration of Properties in the Regression Discontinuity Sample

This figure depicts the locations of example properties from our estimation samples. Panel A
shows the outline of the El Dorado Ranch near Sacramento, California. The El Dorado Ranch is
a biodiversity-protected area with GAP status 2, comprising 3,137 acres, owned and managed by
the American River Conservancy, an NGO, and established by fee interest prior to 2006. Panel
B shows the outline of the Grassland Reserve in Mariposa, California. The Grassland Reserve is
a biodiversity-protected area with GAP status 2, comprising 3,916 acres, which is privately owned
and managed, and was created by conservation easement in 2012. In both panels, the border of
the protected area is shown in dark green, while the light green shading around the protected area
border indicates a 500 meter bandwidth. The markers in Panel A (respectively, Panel B) indicate
the locations of treated and control properties included in our baseline regression discontinuity
design from Eq. (1) (in our dynamic regression discontinuity design from Eq. (2)).
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Figure 4. Threshold Manipulation Test

This figure depicts the results from a threshold manipulation test around protected area borders in
the first year after these areas are established. The solid lines show the point estimates from local
polynomial density estimations with data-driven bandwidth selection. The shaded areas indicate
90% confidence intervals around these point estimates. The threshold is the protected area border.
Properties on the left hand-side of the threshold (shown in red) are located inside a protected
area, while those on the right hand-side of the threshold (shown in blue) are located outside the
protected area. The estimated difference in the density of the distance variable at the threshold is
0.05, and the robust p-value associated with the test of the null hypothesis that this difference is
zero is 0.75. The data used to produce this figure are from Corelogic and the USGS.
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Figure 5. Biodiversity Protections and Land Values by Bandwidth

This figure depicts the biodiversity protection discount in the market for vacant land derived from
estimating Eq. (1) for different sub-samples from the double cross-section of vacant land observed
in the U.S. in 2010 and 2015 based on the bandwidth around protected area borders. Specifically,
Distance to Border is the distance between the centroid of a lot and the nearest protected area
border (in meters). The circles indicate the coefficient estimates on the variable Treated. The
capped bars indicate 90% confidence intervals (CI) around these estimates. The solid bars indicate
the number of treated observations remaining in each sub-sample estimation. The data used to
produce this figure are from Corelogic, the USGS, and the U.S. Census Bureau.

o
R -3
=)
=)
S |7 2
o ~ .
o =
a7 '
= <
e o g
5 =
I w
5 ® <m
23 - =
O
Lo ©
B SE
1
b= 3
s 1
Lo | @]
A 2
2 <
| 8
= L <
— —
1

<100 <150 <200 <250 <300 <350 <400 <450 <500
Distance to Border (M)

I No. Treated ® Coefficient Estimate ——— 90% CI

37



Figure 6. Biodiversity Protections and Land Values over Time

This figure depicts the biodiversity protection discount in the market for vacant land derived from
estimating Eq. (2) in the annual panel of vacant land observed in the U.S. between 2010 and
2020. Time to Treated represents the difference between the observation year and the year when
the nearest protected area border is established. In Panel A, the circles indicate the coefficient
estimates on the variable Treated in a given year. In Panel B, the circles (respectively, diamonds)
represent the coefficient estimates for treated properties (control properties) in a given year. The
capped bars indicate 90% confidence intervals around the coefficient estimates. The data used to
produce this figure are from Corelogic, the USGS, and the U.S. Census Bureau.
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Table 2. Descriptive Statistics Vacant Land Samples Post-Treatment

This table presents summary statistics on the vacant land samples used in this study in the post-treatment
period when land use restrictions for the protection of biodiversity are in place. Panel A presents summary
statistics for the treated and control properties in the double cross-section of vacant land observed in the
U.S. in 2010 and 2015. By definition, this sample is focused on land around protected area borders that were
established at least five years prior to the first sample observations. Treated properties are those located
inside a protected area with GAP status 1 or 2. Control properties are those not located in any protected
area. Value/Acre is the calculated value per acre of vacant land (in $°000). For properties observed in 2010,
that value is the average calculated value per acre over the 2010-2014 period. For properties observed in
2015, that value is the average calculated value per acre over the 2015-2019 period. Acres is the size of
the vacant land in acres in 2010 (respectively, 2015). Developed is an indicator that takes the value of one
for property ¢ observed in year 2010 (respectively, 2015) if that property has a property type code of (non-)
residential instead of vacant land by 2014 (respectively, 2019). Additional development indicators are defined
analogously for residential land (classified based on land use codes 460 and 465). Res. Dewv. is an indicator
for residential development. Res. Lot is an indicator that takes the value of one if the land is classified as
a residential lot rather than residential acreage (based on land use code value 465 rather than 460). Sewer
is an indicator that takes the value of one if the land is classified to have a sewer system present (based
on sewer code commercial, private, public, or septic). Sold is an indicator that takes the value of one for
property i observed in year 2010 (respectively, 2015) if that property is observed in the transaction sample
by 2014 (respectively, 2019). Panel B presents summary statistics for the treated and control properties
in the annual panel of vacant land observed in the U.S. between 2010 and 2020. Descriptive statistics are
computed over the time period after protected area borders are established. Variable definitions follow
those from the double cross-section, except we use annual, point-in-time observations. Calculated values
per acre for treated and control properties are winsorized at the 15¢ and 99" percentiles.

(A) Double Cross-Section

Treated Properties Control Properties

N Mean Median N Mean Median Difference
Value/Acre 46,155 20.84 1.48 224,200 54.19 7.42 -33.35%%*
Acres 46,155  76.40 12.21 224,200 16.32 1.79 60.08%**
Developed 46,155  0.07 0.00 224200 0.11 0.00 -0.04%%*
Res.Dev. 46,155  0.01 0.00 224,200 0.05 0.00 -0.04%%*
Lot 46,155  0.08 0.00 224200 0.21 0.00 -0.13%%*
Sewer 46,155  0.03 0.00 224,200 0.05 0.00 -0.02%%*
Sold 46,155  0.01 0.00 224,200  0.02 0.00 -0.01%%*

(B) Annual Panel

Treated Properties Control Properties

N Mean  Median N Mean Median Difference
Value/Acre 6,779  4.08 1.00 39,322  23.66 3.83 -19.58%**
Acres 6,779 13449  39.00 39,322 28.00 3.44 106.49%**
Developed 6,779  0.05 0.00 39,322 0.06 0.00 -0.01%%*
Res. Dew. 6,779  0.01 0.00 39,322 0.03 0.00 -0.02%**
Lot 6,779  0.03 0.00 39,322  0.14 0.00 S0, 1%
Sewer 6,779  0.04 0.00 39,322 0.05 0.00 -0.01
Sold 6,779  0.01 0.00 39,322 0.02 0.00 -0.01%%*
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Table 3. Descriptive Statistics Protected Areas

This table presents summary statistics on the protected areas that feature in the vacant land samples
used in this study. Panel A presents summary statistics for the protected areas represented in the double
cross-section of vacant land observed in the U.S. in 2010 and 2015. Panel B presents summary statistics for
the protected areas represented in the annual panel of vacant land observed in the U.S. between 2010 and
2020. No. Treated Obs. is the number of treated observations included in a protected area in a given year.
GAP Status is the GAP status of a protected area. Year Fstablished is the year in which a protected area
was established. Acres is the size of a protected area in acres.

(A) Double Cross-Section

N Mean  Median
No. Treated Obs. 58,284  398.72 62

GAP Status 58,284 1.79 2
Year Est. 30,445 1985 1992
Acres 58,284 140,085 2,959

(B) Annual Panel

N Mean  Median
No. Treated Obs. 35,441  73.39 14

GAP Status 35,441 1.84 2
Year Est. 35,441 2016 2016
Acres 35,441 23,288 197
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Table 4. Validation of Regression Discontinuity Design

This table presents output from estimating Eq. (1) across the treated and control properties in the annual
panel of vacant land observed in the U.S. between 2010 and 2020. Estimations are limited to the period at
least five years prior to the formation of a given protected area border. The dependent variable in column 1
is the calculated value per acre of vacant land in $°000 ( Value/Acre). The dependent variable in column 2 is
Acres, the size of the vacant land in acres. The dependent variable in column 3 is Developed, an indicator that
takes the value of one if a property changes property type code from vacant land to (non-) residential. The
analyses in columns 4 through 6 focus on residential land (classified based on land use codes 460 and 465).
The dependent variable in column 4 is Res. Dev., an indicator for residential development. The dependent
variable in column 5 is Res. Lot, an indicator that takes the value of one if the land is classified as a residential
lot rather than residential acreage (based on land use code value 465 rather than 460). The dependent variable
in column 6 is Sewer, an indicator that takes the value of one if the land is classified to have a sewer system
present (based on sewer code commercial, private, public, or septic). Treated is an indicator that takes the
value of one for to-be-treated land at times more than five years before the establishment of the nearest
protected area, and zero for land that is not to-be-treated. To-be-treated means that the vacant land is
located where a protected area with GAP status 1 or 2 is later established. Distance is the distance from the
centroid of the vacant land to the nearest protected area border in KM. For treated properties, this variable
measures the distance to the nearest border of the protected area containing the land. For control properties,
this variable measures the distance to the nearest border of the surrounding protected areas with GAP status
1 or 2 in the same state. Fixed effects for protected area-year are included as indicated. Sample restrictions
by bandwidth around protected area borders are applied as indicated. Linear, squared, and up to cubic
controls for Distance are included as indicated. The mean of the dependent variable in each estimation is
reported in $°000 (column 1), acres (column 2), or decimal form (columns 3 through 6). Calculated values per
acre are winsorized at the 15 and 99" percentiles. Robust standard errors, clustered by protected area, are
shown in parentheses. Statistical significance is indicated as follows: ***: p < 0.01, **: p < 0.05, *: p < 0.1.

(1) (2) (3) (4) () (6)

Value/Acre  Acres  Developed Res. Dev. Res. Lot  Sewer

Treated 0.118 0.653 -0.005 0.001 0.104 -0.025
(0.45) (0.42) (0.01) (0.02) (0.08) (0.05)
Distance -15.939* 8.973 0.068 0.059 -2.849%** 0.799
(9.22) (6.50) (0.13) (0.34) (0.97) (0.78)
Treatedx Distance -3.124* -3.240 -0.066 0.009 -0.210 -0.127
(1.63) (4.30) (0.06) (0.13) (0.67) (0.32)
Area-Year FEs Yes Yes Yes Yes Yes Yes
Bandwidth 0.5 KM 0.5 KM 0.5 KM 0.5 KM 0.5 KM 0.5 KM
Distance Controls Cubic Cubic Cubic Cubic Cubic Cubic
Mean Dep. Var. 20.87 31.16 0.02 0.02 0.45 0.06
Observations 38,168 38,168 38,168 10,633 10,633 10,633
Pseudo R-sq. 0.62 0.64 0.35 0.31 0.63 0.46
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Table 5. Biodiversity Protections and Land Values

This table presents output from estimating Eq. (1) across the treated and control properties in the double
cross-section of vacant land observed in the U.S. in 2010 and 2015. The dependent variable is the calculated
value per acre of vacant land in $’°000. For properties observed in 2010, that value is the average calculated
value per acre over the 2010-2014 period. For properties observed in 2015, that value is the average calculated
value per acre over the 2015-2019 period. Treated is an indicator that takes the value of one if the vacant land
is located inside a protected area with GAP status 1 or 2, and zero if it is not located in any protected area.
Distance is the distance from the centroid of the vacant land to the nearest protected area border in KM. For
treated properties, this variable measures the distance to the nearest border of the protected area containing
the land. For control properties, this variable measures the distance to the nearest border of the surrounding
protected areas with GAP status 1 or 2 in the same state. Acres is the size of the vacant land in acres. Fixed
effects for protected area-year are included as indicated. Sample restrictions by bandwidth around protected
area borders are applied as indicated. Linear, squared, and up to cubic controls for Distance are included as
indicated. The mean of the dependent variable in each estimation is reported in $°000. Calculated values per
acre are winsorized at the 15 and 99" percentiles. Robust standard errors, clustered by protected area, are
shown in parentheses. Statistical significance is indicated as follows: ***: p < 0.01, **: p < 0.05, *: p < 0.1.

(1) (2) (3)
Value/Acre Value/Acre Value/Acre

Treated -0.598*** -0.653*** -0.615%**
(0.11) (0.13) (0.13)
Distance 0.075 0.091 0.262
(0.78) (0.14) (0.37)
Treatedx Distance -1.023 -0.473 -0.375
(2.47) (0.56) (0.96)
Treatedx Acres 0.066*** 0.066*** 0.080***
(0.01) (0.01) (0.01)
Acres -0.080*** -0.080*** -0.100***
(0.01) (0.01) (0.01)
Area-Year FEs Yes Yes Yes
Bandwidth 0.5 KM 0.5 KM 0.2 KM
Distance Controls Cubic Linear Linear
Mean Dep. Var. 48.71 48.71 46.92
Observations 268,513 268,513 114,553
Pseudo R-sq. 0.68 0.68 0.72
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Table 7. Biodiversity Protections and Land Values over Time

This table presents output from estimating Eq. (2) in the annual panel of vacant land observed in the U.S.
between 2010 and 2020. The dependent variable is the calculated value per acre of vacant land in $°000
(Value/Acre). Treated is an indicator that takes the value of one for to-be-treated land at times more than
five years before the establishment of the nearest protected area, and zero for land that is not to-be-treated.
To-be-treated means that the vacant land is located where a protected area with GAP status 1 or 2 is later
established. /-0 Yrs. Pre is an indicator that takes the value of one at times between four and zero years
before the establishment of the nearest protected area. 1-5 Yrs. Post is an indicator that takes the value
of at times between one and five years after the establishment of the nearest protected area. Fixed effects
are included as indicated. Sample restrictions by bandwidth around protected area borders are applied
as indicated. Linear, squared, and up to cubic controls for Distance are included as indicated. Covariates
for Distance and Acres are included in the estimations but not tabulated. The mean of the dependent
variable in each estimation is reported in $°000. Calculated values per acre are winsorized at the 1%% and
99" percentiles. Robust standard errors, clustered by protected area, are shown in parentheses. Statistical
significance is indicated as follows: ***: p < 0.01, **: p < 0.05, *: p < 0.1.

(1)

(2)

(3)

Value/Acre ~ Value/Acre Value/Acre
Treated -0.046 -0.092 -0.079
(0.34) (0.34) (0.34)
Treated x 4-0 Yrs. Pre -0.216** -0.189** -0.204**
(0.10) (0.08) (0.09)
Treated x 1-5 Yrs -0.473%%* -0.413%** -0.440%**
(0.17) (0.15) (0.16)
4-0 Yrs. Pre -0.017 -0.019
(0.01) (0.01)
1-5 Yrs. Post 0.005 0.009
(0.02) (0.01)
Fixed Effects Area-by-Year Area & Year Area & Cty.-Yr.
Bandwidth 0.5 KM 0.5 KM 0.5 KM
Distance Controls Cubic Cubic Cubic
Covariates Yes Yes Yes
Mean Dep. Var. 20.81 20.72 20.74
Observations 150,487 151,352 151,201
Pseudo R-sq. 0.66 0.66 0.66
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Table 9. Biodiversity Protections and Land Development over Time

This table presents output from estimating Eq. (2) in the annual panel of vacant land observed in the U.S.
between 2010 and 2020. The dependent variable in column 1 is Developed, an indicator that takes the value
of one for property 4 changes property type code from vacant land to (non-) residential in a given year. The
analyses in columns 2 through through 4 focus on residential land (classified based on land use codes 460
and 465). The dependent variable in column 2 is Res. Dev., an indicator for residential development. The
dependent variable in column 3 is Res. Lot, an indicator that takes the value of one if the land is classified
as a residential lot rather than residential acreage (based on land use code value 465 rather than 460). The
dependent variable in column 4 is Sewer, an indicator that takes the value of one if the land is classified
to have a sewer system present (based on sewer code commercial, private, public, or septic). Treated is
an indicator that takes the value of one for to-be-treated land at times more than five years before the
establishment of the nearest protected area, and zero for land that is not to-be-treated. To-be-treated means
that the vacant land is located where a protected area with GAP status 1 or 2 is later established. 4-0 Yrs.
Pre is an indicator that takes the value of one at times between four and zero years before the establishment
of the nearest protected area. I1-5 Yrs. Post is an indicator that takes the value of at times between one
and five years after the establishment of the nearest protected area. Fixed effects for protected area-year
are included as indicated. Sample restrictions by bandwidth around protected area borders are applied as
indicated. Linear, squared, and up to cubic controls for Distance are included as indicated. Covariates for
Distance and Acres are included in the estimations but not tabulated. The mean of the dependent variable
in each estimation is reported in decimal form. Robust standard errors, clustered by protected area, are
shown in parentheses. Statistical significance is indicated as follows: ***: p < 0.01, **: p < 0.05, *: p < 0.1.

(1) 2) (3) (3)

Developed Res. Dev. Res. Lot Sewer

Treated 0.003 0.012 0.029 0.017
(0.01) (0.01) (0.09) (0.04)
Treated x 4-0 Yrs. Pre -0.006 -0.031%*%  -0.070***  -0.032*
(0.00) (0.01) (0.02) (0.02)
Treated x 1-5 Yrs. Post -0.005 -0.015* -0.171**%*  _0.059*
(0.00) (0.01) (0.06) (0.03)
Area-Year FEs Yes Yes Yes Yes
Bandwidth 0.5 KM 0.5 KM 0.5 KM 0.5 KM
Distance Controls Cubic Cubic Cubic Cubic
Covariates Yes Yes Yes Yes
Mean Dep. Var. 0.00 0.00 0.00 0.00
Observations 138,424 44,605 44,605 44,605
R-sq. 0.35 0.29 0.57 0.56
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Table 10. Biodiversity Protections, Land Values, and Land Development

This table presents output from estimating Eq. (1) across the treated and control properties in the double
cross-section of vacant land observed in the U.S. in 2010 and 2015. The dependent variable is the calculated
value per acre of vacant land in $’°000. For properties observed in 2010, that value is the average calculated
value per acre over the 2010-2014 period. For properties observed in 2015, that value is the average calculated
value per acre over the 2015-2019 period. Treated is an indicator that takes the value of one if the vacant land
is located inside a protected area with GAP status 1 or 2, and zero if it is not located in any protected area.
Treated Development (respectively, Control Development) is the mean rate of development inside (outside)
the nearest protected area over the 2010-2014 period and over the 2015-2019 period, respectively. Distance
is the distance from the centroid of the vacant land to the nearest protected area border in KM. For treated
properties, this variable measures the distance to the nearest border of the protected area containing the
land. For control properties, this variable measures the distance to the nearest border of the surrounding
protected areas with GAP status 1 or 2 in the same state. Acres is the size of the vacant land in acres. Fixed
effects for protected area-year are included as indicated. Sample restrictions by bandwidth around protected
area borders are applied as indicated. Linear, squared, and up to cubic controls for Distance are included as
indicated. The mean of the dependent variable in each estimation is reported in $°000. Calculated values per
acre are winsorized at the 1% and 99" percentiles. Robust standard errors, clustered by protected area, are
shown in parentheses. Statistical significance is indicated as follows: ***: p < 0.01, **: p < 0.05, *: p < 0.1.

(1) (2) (3)
Value/Acre Value/Acre Value/Acre

Treated -0.584*** -0.639%** -0.620%**
(0.12) (0.15) (0.14)
Treatedx Treated Development 0.614%** 0.609*** 0.457**
(0.19) (0.20) (0.22)
Treatedx Control Development -0.360 -0.366 -0.161
(0.29) (0.28) (0.36)
Distance 0.072 0.092 0.261
(0.78) (0.14) (0.37)
Treatedx Distance -1.072 -0.540 -0.464
(2.55) (0.55) (0.99)
Treatedx Acres 0.066*** 0.066*** 0.080***
(0.01) (0.01) (0.01)
Acres -0.080*** -0.080*** -0.100%**
(0.01) (0.01) (0.01)
Area-Year FEs Yes Yes Yes
Bandwidth 0.5 KM 0.5 KM 0.2 KM
Distance Controls Cubic Linear Linear
Mean Dep. Var. 48.82 48.82 47.03
Observations 267,226 267,226 113,676
Pseudo R-sq. 0.68 0.68 0.71
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ONLINE APPENDIX



Figure A.1. Sample Breakdown of Sources of Calculated Values

This figure depicts the distribution of the sources of information for the calculated land values of
treated and control properties in the vacant land samples used in this study. Panel A presents the
distribution of these sources of information in the cross-section of vacant land observed in the U.S.
in 2010 and 2015. Panel B presents the distribution of these sources of information in the annual
panel of vacant land observed in the U.S. between 2010 and 2020. Treated properties are those
located inside a protected area with GAP status 1 or 2. Control properties are those not located in
any protected area. The category “Other” comprises calculated land values derived from appraisals
and transitional information. The data used to produce this figure are from Corelogic, the USGS,
and the U.S. Census Bureau.

I Assessed [ Market Other I Assessed N Market Other

(A) Double Cross-Section (B) Annual Panel



Figure A.2. Sample Distribution by State

This figure depicts the distribution of treated and control properties in the vacant land samples
used in this study by state. Panel A presents the distribution of treated and control properties
in the cross-section of vacant land observed in the U.S. in 2010 and 2015. Panel B presents the
distribution of treated and control properties in the annual panel of vacant land observed in the
U.S. between 2010 and 2020. Treated properties are those located inside a protected area with
GAP status 1 or 2. Control properties are those not located in any protected area. Darker shading
of state areas indicates a larger number of treated and control properties in a state. The data used
to produce this figure are from Corelogic, the USGS, and the U.S. Census Bureau.

# Properties

I 12,488 — 50,652
I 5.456 — 12,488
13,178 - 5,456
[11,750-3,178
[1782-1,750
L 130-782

No data

(A) Double Cross-Section

) # Properties

W 9,762 - 37,678
. I 3,480 - 9,762
o T 11,935 - 3,480
E [1842-1,935
o [ 291 - 842
[ 17-291
ie I No data

(B) Annual Panel



Figure A.3. Sample Distribution of Land Values

This figure depicts mean calculated land values per acre (in $’°000) across treated and control
properties in the double cross-section of vacant land observed in the U.S. in 2010 and 2015 by
GAP status (Panel A), mechanism of protected area establishment (Panel B), protected area
management type (Panel C), and location type (Panel D). In each panel, treated (control)
properties are marked with an indicator value of 1 (value of 0, respectively). Treated properties
are those located inside a protected area with GAP status 1 or 2. Control properties are those
not located in any protected area. Calculated land values per acre for treated and matched control
properties are winsorized at the 15 and 99*" percentiles. The data used to produce this figure are
from Corelogic, the USGS, and the U.S. Census Bureau.
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Figure B.1. Distribution of Calculated Values and Transaction Prices

This figure depicts overlaid histograms for the distribution of land values and transaction prices per
acre. Panel A shows the distribution of the calculated value per acre of vacant land (in $°000) of
treated and control properties in the double cross-section of vacant land observed in the U.S. in 2010
and 2015. Panel B shows the distribution of transaction prices per acre of vacant land (in $’000) of
treated and control properties in the sample of vacant land transactions completed in the U.S. be-
tween 2010 and 2020. Treated properties are those located inside a protected area with GAP status 1
or 2. Control properties are those not located in any protected area. Calculated values and transac-
tion prices per acre for treated and control properties are winsorized at the 15t and 99" percentiles.
The data used to produce this figure are from Corelogic, the USGS, and the U.S. Census Bureau.
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Figure C.1. Distribution of Time to Establishment

This figure depicts the distribution of the timing of observations relative to the establishment of
the nearest protected area border in the annual panel of vacant land observed in the U.S. between
2010 and 2020. The data used to produce this figure are from Corelogic, the USGS, and the U.S.

Census Bureau.
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Table D.1. Biodiversity Protections and Liquidity

This table presents output from estimating Eq. (1) across the treated and control properties in the double
cross-section of vacant land observed in the U.S. in 2010 and 2015. The dependent variable is Sold, an
indicator that takes the value of one for property i observed in year 2010 (respectively, 2015) if that property
is observed in the transaction sample by 2014 (respectively, 2019). Treated is an indicator that takes the
value of one if the vacant land is located inside a protected area with GAP status 1 or 2, and zero if it is
not located in any protected area. Distance is the distance from the centroid of the vacant land sold to the
nearest protected area border in KM. For treated parcels, this variable measures the distance to the nearest
border of the protected area containing the land. For control parcels, this variable measures the distance to
the nearest border of the surrounding protected areas with GAP status 1 or 2 in the same state. Acres is
the size of the vacant land in acres. Fixed effects for protected area-year are included as indicated. Sample
restrictions by bandwidth around protected area borders are applied as indicated. Linear, squared, and
up to cubic controls for Distance are included as indicated. The mean of the dependent variable in each
estimation is reported in decimal form. Robust standard errors, clustered by protected area, are shown in
parentheses. Statistical significance is indicated as follows: ***: p < 0.01, **: p < 0.05, *: p < 0.1.

(1) (2) (3)

Sold Sold Sold
Treated -0.005*  -0.007***  -0.004**
(0.00) (0.00) (0.00)
Distance 0.038 0.002 0.011
(0.03) (0.00) (0.01)
Treatedx Distance -0.006 -0.003 -0.011
(0.04) (0.01) (0.01)
Treatedx Acres 0.000 0.000 0.000
(0.00) (0.00) (0.00)
Acres 0.000 0.000 0.000
(0.00) (0.00) (0.00)
Area-Year FEs Yes Yes Yes
Bandwidth 0.5 KM 0.5 KM 0.2 KM
Distance Controls Cubic Linear Linear
Mean Dep. Var. 0.02 0.02 0.02
Observations 300,639 300,639 129,342
R-sq. 0.04 0.04 0.06
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